Frontiers in Research
Volume 6, Number 4, 2026, 287-306
DOI: 10.71350/30624533149 ISSN: 3062-4533

OPEN, ACCESS

Article

The chief marketing officer is dead, long live the chief
algorithmic officer: Al’s transformation of marketing strategy

Simon Suwanzy Dzreke "', Semefa Elikplim Dzreke ">

1 Colorado Technical University, Department of Business Administration, Colorado Springs, CO, USA
2 University of Technology Malaysia, Razak Faculty of Technology and Informatics, Kuala Lumpur, Malaysia

Article History
Received  30.06.2026
Accepted  21.08.2026

Abstract

The advent of generative Artificial Intelligence (AI) has precipitated an

existential inflection point for marketing leadership, as systems capable of
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autonomous campaign optimization and real-time content generation have
subsumed traditional strategic functions. This study addresses the competency
gap between legacy brand stewardship and the demands of algorithmic

governance. Through a multi-method investigation encompassing longitudinal algorithmic stewardship,
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organizational analysis, a global leader survey, and pioneering case studies, a
distinct pathway for evolution was identified. The findings reveal that superior
performance, marked by significantly higher marketing Return on Investment
(ROI) and accelerated market responsiveness, correlates with the formalization
of algorithmic stewardship. This emergent executive function prioritizes
strategic direction, ethical oversight, and the continuous curation of Al systems
over hands-on management. Consequently, this study contributes to the Chief
Algorithmic Officer (CAO) framework, a novel governance model that
delineates this transformed mandate, its core competencies, and the necessary
organizational autonomy of the CAO role, distinct from purely technical roles.
This redefinition argues for leadership metamorphosis rather than obsolescence,
positioning marketing executives as the essential human architects of intelligent,
brand-aligned automation.

Introduction: The Algorithmic Inflection Point

A contemporary artificial intelligence system can autonomously recalibrate global pricing
strategies, modify advertising creativity, and reallocate media inventory in direct response to
an emergent social media trend —all before a human marketing executive concludes a morning
briefing. This capability represents more than mere efficiency; it signifies a fundamental shift
in competitive dynamics. Operational velocity now defines market advantage, with a critical
threshold identified as a 15-minute competitive tipping point. At this juncture, real-time,
closed-loop automation shifts from a technical possibility to a core customer retention
imperative (Dzreke et al.,, 20250). Such scenarios encapsulate the profound transition from
digitized marketing processes to an algorithmic marketing paradigm, in which systems
endowed with adaptive intelligence increasingly supplant human decision-making cycles.
This evolution goes beyond automation to encompass systems that can define generative rules
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and unlock strategic potential through machine-learning-driven pattern recognition and
autonomous execution (Dilaver & Dilaver, 2024). Consequently, marketing attribution has
evolved into a sophisticated taxonomy, necessitating frameworks that bridge established
marketing theory with the computational logic of big data analytics (Buhalis & Volchek, 2020).
Capturing the complexity of modern omnichannel environments requires holistic mapping of
the customer experience journey to interpret high-dimensional, continuous data flows (Lemon
& Verhoef, 2016). Structurally, this shift mandates the deliberate implementation of a
generative capability stack designed to anchor and propagate adaptive intelligence across
every distribution chain and brand touchpoint (Dzreke & Dzreke, 2026e).

This technological inflection point exacerbates the pre-existing leadership crisis in marketing
functions. The tenure of chief marketing officers remains notably brief, even as pressure
mounts to demonstrate quantifiable, Al-driven performance returns. Empirical evidence
indicates that a significant proportion of marketing leaders face intense board-level scrutiny
to validate marketing’s contribution through rigorous measurement and reporting (Germann
et al., 2015). In response, senior executives are compelled to redefine their roles as they
navigate the inherent tensions between algorithmic optimization and brand authenticity in the
digital landscape (Gregory et al., 2025). A persistent reliance on outdated digital frameworks
intensifies this challenge. Such reliance often overlooks systemic inefficiencies, including the
documented 23% erosion in enterprise deal value attributed to friction from virtual
interactions, a phenomenon termed the Zoomification effect (Dzreke et al., 2025n).

A discernible gap persists in the academic and practitioner literature. Prevailing research
frequently adopts a narrow, tool-centric focus and examines specific applications, such as
chatbots or recommendation engines, in isolation. This fragmented approach neglects the
concomitant need for strategic leadership redesign and organizational transformation, both of
which are essential for successful enterprise-wide implementation (Davenport et al., 2019).
Overcoming algorithm aversion, particularly in creative domains, is paramount for fostering
effective collaboration between human intuition and machine-generated content (Haupt et al.,
2024). The evolution of decision-making in big data environments requires architecture in
which automated systems enhance human judgment cycles rather than replacing them (Duan
et al., 2019). The absence of a comprehensive framework to delineate the unique competencies
of marketing Artificial Intelligence (AI) leaders from those of technical or data leaders
precipitates this critical operational imbalance. This void forces organizations into a
navigator’s dilemma, where strategic market intuition becomes tragically decoupled from
tactical algorithmic execution (Dzreke & Dzreke, 2025i).

This study addresses several pivotal questions regarding the future of marketing. First, it
investigates the mechanism by which artificial intelligence redistributes the core strategic
functions of marketing executives, moving from descriptive analytics to causal-predictive
authority (Kumar, 2025). Second, it identifies the essential competencies and responsibilities
required of a leader tasked with stewarding an Al-driven marketing strategy, with particular
emphasis on models for collaborative decision-making between human executives and
generative systems (Hao et al, 2024). Third, it examines the necessary structural
reorganization of the marketing function, advocating advanced multi-touch attribution and
media mix modeling to optimize the return on investment at a systemic level (Liu et al., 2025b).
Addressing these questions is informed by an analysis of broader trends and challenges in Al-
generated content across domains, which illuminates the path for the requisite organizational
adaptation (Li et al., 2025a).
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The traditional conception of a chief marketing officer is rendered obsolete by these forces.
Instead, the role of the Chief Algorithmic Officer emerges as an indispensable executive
function. This role is charged with stewarding intelligent systems that create, optimize, and
govern customer experiences on a scale. Its foundation is cognitive orchestration —the
synthesis of machine intelligence, human creativity, and strategic foresight —which constitutes
the ultimate evolutionary advantage for enterprises in a post-strategic landscape (Dzyreke,
2026a). Realizing this advantage requires leveraging advanced intelligence for impact
assessment to foster economic resilience through systemic integration (Nguyen, 2026). This
requires a unified theory of brand equity that can translate qualitative consumer perceptions
into robust, quantitative financial metrics (Davcik et al., 2015). Strategic frameworks must be
employed to avert digital marketing analytics myopia, ensuring that long-term brand health
is not sacrificed for short-term tactical optimization (Vollrath & Villegas, 2021). A customer
equity-centric strategy enables firms to treat customer acquisition as a long-term financial
investment, aligning their immediate actions with their future profitability (Rust et al., 2003).
The perennial balance between performance marketing goals and brand-building initiatives
remains a non-negotiable requirement for sustainable growth (Jha, 2024). Therefore, a
multidisciplinary perspective is critical to address the complex challenges that emerge at the
intersection of technological practice, organizational policy, and market competition (Dwivedi
etal., 2019).

A STRUCTURAL TIMELINE

delineates the evolution of the executive marketing role ———————
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Figure 1. The trajectory of marketing leadership

A structural timeline delineates the evolution of the executive marketing role across three eras:
Phase 1, the Creative Custodian (“Mad Men” Era), focused on mass media channels and
subjective measures of brand equity. In Phase 2, the Digital Analyst (“Math Men” Era)
emerged, focusing on multi-platform optimization and relying on multi-channel tracking
networks and digital return-on-investment matrices. Phase 3, the Algorithmic Steward
(“Machine Manager” Era), is founded upon a dynamic strategic brand response framework
designed to coordinate real-time ecosystem adaptations and mitigate structural conversion
erasures (Dzreke & Dzreke, 2025j).
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Literature Review: Al in Marketing and the Evolving C-Suite

AT’s Capabilities in Marketing

Artificial intelligence has transcended its initial role as a marketing automation tool and
evolved into a generative partner capable of autonomous rule definition and value discovery.
This transformation is underpinned by three interconnected capabilities: predictive analytics
for journey mapping, natural language generation for content creation, and computer vision
for creative optimization. Predictive analytics, for instance, enables the reconstruction of
customer journeys from nonlinear, high-dimensional data flows, revealing latent patterns that
are invisible to traditional analytical methods (Davenport et al., 2019). In practice, systems
such as programmatic advertising leverage real-time bidding algorithms to optimize media
allocation, effectively compressing decision cycles that once required human intervention and
reducing economic inefficiencies in media spending (Buhalis & Volchek, 2020).
Simultaneously, advances in generative Al have enabled the rapid production of marketing
assets on a scale.

However, this capability poses significant challenges in maintaining brand consistency and
logical coherence across diverse content domains (Li et al., 2025a). These systems collectively
function by tapping into a digital hive mind —a metaphor for the aggregated, real-time data
generated by consumer interactions —which establishes a dynamic framework for continuous
value co-creation and systemic optimization (Dzreke & Dzreke, 2026c). The practical
implication is a shift from marketing as a planned communication discipline to marketing as
a responsive and self-optimizing system.

The Changing CMO Role

The expansion of Al's operational remit has precipitated a fundamental redefinition of the
Chief Marketing Officer's domain, pushing it into technical territories traditionally occupied
by data science and IT leadership. Empirical studies confirm that while the presence of a CMO
correlates positively with firm performance, the role is highly volatile, a condition exacerbated
by mounting pressure to demonstrate quantifiable, algorithmically driven returns on
investment (Germann et al., 2015). In response, marketing executives are compelled to
navigate a dual mandate: harnessing algorithmic precision for efficiency while preserving the
authenticity and emotional resonance that underpin brand equity (Gregory et al., 2025). This
necessitates the development of holistic customer experience frameworks that meticulously
integrate journey management across all physical and digital touchpoints to enhance service
quality and customer satisfaction (Lemon & Verhoef, 2016). To justify strategic investments,
marketing leaders must champion a unified theory of brand equity by translating qualitative
consumer perceptions into robust, quantitative financial metrics that resonate with executive
boards and investors (Davcik et al.,, 2015). A customer equity-centric strategy reframes
customer acquisition as the acquisition of a long-term financial asset rather than a periodic
expense, aligning marketing activities with sustained enterprise value creation (Rust et al.,
2003). This strategic and financial integration is indispensable for cultivating durable brand
loyalty in a fragmented media landscape (Dzreke, 2025a).



FRONTIERS IN RESEARCH & 291

The Rise of Algorithmic Management

Algorithmic management represents a paradigmatic shift in organizational governance, in
which authority for strategic and tactical decisions is increasingly delegated to intelligent,
data-driven systems. This transition introduces complex challenges related to system
interpretability, accountability, and organizational readiness, as decision-making processes
become embedded within opaque machine learning models (Duan et al, 2019).
Multidisciplinary research highlights significant policy and governance gaps as autonomous
systems assume greater responsibility within corporate structures, raising questions about
liability, ethics, and control (Dwivedi et al., 2019). The effective implementation of such
systems relies on specific digital transformation capabilities—the microfoundations of
operational performance— that enable an organization to absorb and leverage advanced
technologies (Zomer et al., 2020). Consequently, Al-driven algorithmic management is
institutionalized not merely as a tool for efficiency but as the core source of competitive
advantage, rendering its adoption a strategic imperative for market relevance (Dzreke, 2025c).
The critical success factor in this shift is the organization’s capacity to bridge the semantic gap
between machines’ technical outputs and human executives’ strategic intent.

The Symbiotic Dance of Strategy

Optimal marketing performance in the algorithmic age is not achieved through full
automation but through a carefully orchestrated symbiosis between human strategic
judgment and machine processing speed. Research on algorithm aversion demonstrates that
successful integration requires deliberate strategies to foster trust and collaboration at
organizational frontlines, particularly in creative domains, where human intuition is
paramount (Haupt et al., 2024). Empirical studies of collaborative decision-making reveal that
hybrid systems, which leverage generative Al for ideation and analysis alongside human
oversight for contextual refinement and ethical calibration, consistently outperform purely
human or automated approaches (Hao et al., 2024). From a measurement perspective,
advanced multi-touch attribution and media mix modeling provide the necessary taxonomic
rigor to optimize marketing return on investment, ensuring that capital is allocated to the
highest-impact consumer touchpoints (Liu et al., 2025b).

Table 1. Evolution of key marketing leadership dimensions

Dimension Traditional CMO Digital-First CMO Chief Algorithmic
(2010-2020) Officer
Primary Focus Brand Equity, Mass Customer System Intelligence &
Campaigns Experience, Digital Algorithmic
ROI Governance (Dzreke,
2026a)
Key Metric Awareness, Market CAC, LTV, Algorithmic
Share Engagement Rate Accuracy, Bias Score,
Adaptive Learning

Rate, and Velocity
Quotient (Dzreke et
al., 20250)
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Core Competency Creative Direction, Data Analytics, Al Strategy, Ethical
Media Buying MarTech Mgmt. Al Auditing, Human-
Al Teaming Design,
and Journey
Management
Integration (Dzreke,
2025a)

Decision Rhythm Quarterly Campaign  Agile, Sprint-Based Real-Time,
Cycles Continuous Closed-
Loop Optimization
(Dzreke & Dzreke,
20251)

This task is complicated by the privacy-first digital economy, which necessitates adopting
hybrid measurement frameworks that remain robust despite the erosion of traditional third-
party tracking data (Akram et al., 2025). The enduring strategic challenge remains balancing
short-term performance marketing, driven by algorithmic optimization, with long-term brand
building, which nurtures emotional equity and market resilience (Jha, 2024). This balance
defines strategic marketing orchestration, a continuous process of aligning algorithmic brand
responsiveness with evolving market demands (Dzreke & Dzreke, 20251). In practice, this
symbiosis redefines service delivery, transforming disparate digital interactions into a unified
engine of operational efficiency and personalized engagement (Dzreke & Dzreke, 2025g).

Theoretical Framework: The Pillars of Algorithmic Stewardship

Core Constructs of Stewardship

The theoretical framework for the Pillars of Algorithmic Stewardship is based on three
fundamental constructs that collectively redefine executive authority in automated marketing
environments. The first construct, Strategic Algorithmic Direction, involves a fundamental
shift from designing individual marketing campaigns to formulating the governing rules,
objectives, and ethical constraints for intelligent systems that autonomously implement
strategy. This shift embodies the core of algorithmic marketing, in which systems can define
and refine their operational logic through continuous data ingestion and machine learning
(Dilaver & Dilaver, 2024). Such a transition requires a sophisticated taxonomy of marketing
attribution, one that integrates established marketing theory with the computational demands
of big data analytics to ensure strategic coherence (Buhalis & Volchek, 2020). Consequently,
the executive’s primary role becomes the synthesis of an algorithmic co-pilot—an Al agent
designed to navigate market volatility and secure a sustainable competitive advantage
(Dzreke, 2025b).

The second construct, AI-Human Collaboration Architecture, focuses on the design of
organizational interfaces and workflows in which human expertise is used to train, fine-tune,
and supervise active Al agents. The success of this collaboration is not inherent; both consumer
and employee acceptance are significantly influenced by intentional strategies to reduce
algorithm aversion, especially in creative and customer-facing areas where human judgment
has traditionally been crucial (Haupt et al., 2024). Research demonstrates that collaborative
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decision-making models, which combine generative system outputs with human contextual
refinement and strategic oversight, yield superior results in both quality and strategic
alignment compared to isolated efforts (Hao et al, 2024). This architecture aims to
institutionalize the strategist’s intuitive “sixth sense” —the tacit, non-imitable market
understanding—as a vital input within a broader competitive framework, ensuring that
human insight directs algorithmic execution (Dzreke & Dzreke, 2025k).

The third construct, Ethical and Governance Oversight, involves the proactive stewardship of
algorithmic systems to manage risks related to bias, brand safety, data privacy, and
operational transparency. The delegation of decision-making to Al introduces persistent
challenges concerning ethical accountability, explainability, and organizational control, issues
that remain central to the evolution of Al in strategic contexts (Duan et al., 2019). Addressing
these challenges demands a multidisciplinary perspective that integrates insights from law,
ethics, and social science to inform corporate policy and system design in an era of
technological disruption (Dwivedi et al., 2019). This oversight function operationalizes a
principle of computational empathy, granting leaders the methodological tools to architect
brand personalities and customer experiences that are both scalable and ethically sound
(Dzreke & Dzreke, 2026b).

Table 2. Summary of core constructs

Construct Definition Role in CAO Framework

Strategic Algorithmic Setting governing rules and Synthesis of Al co-pilots to

Direction constraints for Al execution. navigate market turbulence
(Dzreke, 2025b).

AI-Human Design of processes for Utilizing the strategist’s sixth sense

Collaboration human-AlI training and as an intangible capability (Dzreke

Architecture oversight. & Dzreke, 2025k).

Ethical & Governance Management of bias, safety, Operationalizing computational

Oversight transparency, and privacy. empathy for brand personality

(Dzreke & Dzreke, 2026b).

Propositions for Executive Leadership

The proposed framework presents three testable propositions regarding the organizational
implementation of algorithmic leadership. Proposition 1 suggests that organizational
performance in Al-driven markets is positively associated with the formal establishment of an
executive role dedicated to algorithmic stewardship. This proposition is supported by
evidence linking the presence of a dedicated executive-level marketing leader to improved
firm performance and financial accountability, indicating that focused leadership is a critical
success factor (Germann et al., 2015). Proposition 2 asserts that the effectiveness of the Chief
Algorithmic Officer (CAO) is influenced by the extent of their formal authority, particularly
over data infrastructure, AI model development budgets, and marketing channel operations.
Effective stewardship requires implementing advanced, Al-driven measurement frameworks
that enable causal predictive analysis, which is essential for genuine operational optimization
(Kumar, 2025).

This authority should be exercised to support a synergistic approach that balances short-term
performance objectives with long-term brand building, a duality crucial for sustainable
growth in dynamic markets (Jha, 2024). Proposition 3 posits that firms that structurally
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differentiate the CAO role from purely technical leadership roles (e.g., Chief Technology
Officer, Chief Data Officer) achieve superior marketing outcomes. This separation allows for
a focused strategic emphasis on marketing efficacy rather than technical infrastructure. It
facilitates the adoption of hybrid measurement frameworks that maintain performance in a
privacy-first, omnichannel economy where traditional tracking is reduced (Akram et al., 2025).
This structure underscores the necessity of managing the customer experience journey
holistically to capture its full, high-dimensional impact (Lemon & Verhoef, 2016). By
employing metrics such as customer equity, which conceptualizes marketing investment as a
long-term financial asset, the CAO can address the credibility gap that often leads executives
to distrust automated intelligence outputs (Bendle et al., 2024; Rust et al., 2003). This distinct
organizational positioning directly addresses the operational imbalances inherent in
traditional management models (Dzreke & Dzreke, 2025h).

Table 3. Summary of propositions

Proposition = Theoretical Basis Strategic Outcome

P1 Formalization of executive Positive relationship with organizational
algorithmic stewardship. performance.

P2 Authority over data, Moderates the effectiveness of the CAQO role.
budgets, and channel
operations.

P3 Structural separation of CAO  Resolves the credibility gap and enhances
from CTO/CDO roles. marketing outcomes (Dzreke & Dzreke, 2025h).
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Figure 2. The chief algorithmic officer framework

The triad model illustrates the CAO at the nexus of three domains: Al Systems & Data,
Marketing Operations & Channels, and Customer & Ethical Outcomes. The model’s
foundation incorporates a probabilistic attribution framework designed to capture untracked

“dark social” conversions across decentralized customer touchpoints (Dzreke & Dzreke,
2025d).
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Methodology

This study uses an exploratory sequential mixed-methods design to investigate the structural
and functional evolution of marketing leadership in response to widespread algorithmic
automation. This methodological approach is chosen for its ability to capture the high-
dimensional, nonlinear data flows that define contemporary customer journeys, while also
providing the scientific rigor required to derive generalizable insights from complex
organizational phenomena (Lemon & Verhoef, 2016). By integrating qualitative and
quantitative data sources, the analysis can address the diverse challenges —encompassing
practice, policy, and organizational design—that arise at the intersection of artificial
intelligence and corporate strategy (Dwivedi et al., 2019). The sequential structure ensures that
the findings are empirically grounded and informed by multidisciplinary perspectives,
progressing from broad pattern identification to a deep contextual understanding.

Phase 1 involved a systematic analysis of organizational documents from 50 Fortune 500
companies, conducted between 2018 and 2023. This content analysis scrutinizes corporate
websites, executives” LinkedIn profiles, press releases, and investor communications to trace
the formal emergence of new Al-centric marketing leadership titles and responsibilities. The
analysis is based on the observation that traditional marketing models are being forced to
adapt to the new realities of digital customer interactions and virtual sales environments
(Dzreke & Dzreke, 2025e). The theoretical framework of digital transformation capabilities is
employed to interpret these documents, viewing such capabilities as the essential
microfoundations that enable firms to transform technical infrastructure into strategic
marketing outcomes (Zomer et al., 2020). Simultaneously, documented trends in Al-generated
content across business domains provide a comparative baseline for assessing how
organizations formally articulate the scope and mandate of these emerging roles in public-
facing materials (Li et al., 2025a). This phase primarily aims to establish a comprehensive
taxonomy of marketing attribution as it transitions from human-led to human-supervised
algorithmic systems, a shift reflected in evolving job descriptions and reported organizational
structures (Buhalis & Volchek, 2020).

Phase 2 involved a quantitative survey administered to a purposive sample of 400 senior
marketing leaders, including Vice Presidents of Marketing, Chief Marketing Officers, and
Heads of Marketing Technology. The survey instrument is designed to measure concrete
variables: levels of Al tool adoption, perceived competency gaps within teams, existing
reporting structures, and the specific key performance indicators used to evaluate algorithmic
performance. A primary analytical goal of this phase is to isolate and quantify the
organizational credibility gap, a phenomenon in which traditional marketers tend to reject
superior Al-generated insights in controlled diagnostic scenarios (Dzreke & Dzreke, 2025h).
This data is critical to advancing scholarly understanding of how the presence and
composition of marketing leadership directly influence firm-level performance metrics
(Germann et al., 2015). The survey further probes the persistent strategic tensions that
executives navigate between brand authenticity and algorithmic control, particularly when
managing global market disruptions (Gregory et al., 2025). Identifying these specific pain
points and redesign needs is a foundational step in mapping the necessary evolution of the
marketing function within data-intensive enterprises (Davenport et al., 2019). The phase also
measures frontline receptivity to human-Al collaboration, testing the proposition that
deliberate organizational strategies are required to overcome innate algorithm aversion
during periods of technological transition (Haupt et al., 2024).
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Phase 3 entails multiple in-depth case studies conducted within three purposefully selected
organizations: a global consumer packaged goods corporation, a direct-to-consumer
technology brand, and a multinational financial services firm. Through semi-structured
interviews with key stakeholders and analysis of internal archival data—including strategic
plans, model governance protocols, and performance reviews—this phase investigates the
lived responsibilities and challenges of leaders operating in de facto Chief Algorithmic Officer
roles. The case studies explicitly explore the evolution of decision-making authority as
strategic and tactical choices are delegated to intelligent systems in a big data environment
(Duan et al., 2019). They examine models of collaborative decision-making to assess how the
depth and structure of interaction between human executives and generative systems
influence the quality of strategic outputs (Hao et al., 2024). The analytical framework for these
cases incorporates advanced multi-touch attribution and media mix modeling to evaluate
Return on Revenue (ROI) optimization in algorithmic marketing environments (Liu et al.,
2025b). Integrated frameworks for Al intelligence and interpretability are applied to
understand how these firms foster economic resilience through technological integration
(Nguyen, 2026). The case analysis employs causal-predictive techniques to measure the
tangible effectiveness of algorithmic leadership in complex, real-world scenarios (Kumar,
2025). A customer equity lens is used to assess how these leaders conceptualize acquisition
spending as a long-term financial asset rather than a periodic expense (Rust et al., 2003).
Ultimately, this phase seeks to develop a suite of actionable metrics for understanding
customer investment, thereby providing a scientific foundation for the new mandates of
algorithmic stewardship (Bendle et al., 2024).

Table 4. Data sources and analysis methods

Research Phase  Data Source Key Variables / Analysis Focus

Phase 1 Public Org Charts, Emergence of Al/Algorithmic titles; tracking
Corporate Job digital transformation vectors across online
Descriptions, and customer interactions (Dzreke & Dzreke, 2025¢).

Press Materials

Phase 2 Survey of 400 Active Al Tool Usage, Skill Gap Scores, Org Structure,
Marketing Leaders and metrics evaluating automated report
resistance (Dzreke & Dzreke, 2025h).

Phase 3 Case Study Decision Rights, Human-Al Collaboration
Interviews & Internal ~ Processes, and brand safety challenges under de-
Strategic Docs influencing constraints (Dzreke & Dzreke, 2025m).
Findings

RQ1: The Redistribution of Strategic Functions

Evidence from organizational document analysis and leadership surveys indicates a
substantive redistribution of core strategic marketing functions. Activities such as real-time
budget allocation, media mix optimization, and dynamic persona development are
increasingly determined by automated systems operating within predefined strategic
parameters. The human executive role has consequently shifted from direct tactical command
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to high-level objective-setting and the architectural definition of operational constraints —for
instance, instructing a system to maximize conversion velocity while adhering to a strict brand
safety threshold or a defined cost-per-acquisition ceiling. This redistribution is fundamentally
enabled by the paradigm of algorithmic marketing, in which systems autonomously define
and refine operational rules through iterative machine learning processes (Dilaver & Dilaver,
2024). The efficacy of this delegation hinges on the development of a robust, theoretically
grounded taxonomy for marketing attribution, one that reconciles traditional marketing
constructs with the computational logic of big data analytics (Buhalis & Volchek, 2020). By
ceding tactical execution to algorithms, marketing leaders are liberated to focus on managing
the high-dimensional complexity and strategic coherence of modern omnichannel customer
journeys (Lemon & Verhoef, 2016). This functional shift proves particularly critical in
navigating the strategic realities of the “de-influencing” era, where brand advocates can
rapidly become detractors, necessitating resilient corporate boundaries and agile response
protocols (Dzreke & Dzreke, 2025m).

This strategic redistribution is most evident in the return-on-investment optimization domain
across fragmented digital channels. Organizations now employ integrated frameworks for
marketing intelligence and interpretability, fostering economic resilience by applying
scientific rigor to growth metrics and resource allocation (Nguyen, 2026). Advanced multi-
touch attribution and media mix modeling provide the necessary mathematical foundation to
ensure marketing capital flows toward the most impactful customer touchpoints, moving
beyond last-click fallacies (Liu et al., 2025a). These methodological advancements enable a
more sophisticated financial valuation of marketing activity, framing customer acquisition not
as a mere period expense but as the procurement of a long-term financial asset (Rust et al.,
2003). By centering strategy on customer equity, the Chief Algorithmic Officer can navigate
market turbulence with a forward-looking, asset-based perspective, a distinct advantage over
traditional executives reliant on historically focused, static performance reports.

RQ2: The CAO Competency Profile

The survey results reveal pronounced competency gaps among contemporary marketing
leaders, particularly in the governance of artificial intelligence ethics and the strategic
interpretation of complex, non-deterministic model outputs. The evolution of decision-making
in a big data context demands that leaders confront persistent challenges related to data
provenance, model interpretability, and organizational readiness for algorithmic delegation
(Duan et al., 2019). Addressing the ensuing policy and practice gaps requires a deliberate
multidisciplinary perspective that integrates insights from data science, ethics, law, and
organizational behavior (Dwivedi et al., 2019). Qualitative case studies further indicate that
effective CAOs dedicate substantial effort to acting as translational conduits, converting
technical insights from data science teams into actionable brand strategy and, conversely,
framing strategic business questions in ways that guide technical model development. This
communicative and integrative role is essential for resolving the compound advantage gap,
transforming sophisticated data infrastructure into a tangible engine for defensible market
growth (Dzreke & Dzreke, 2026d).

The requisite competency profile for a CAO, therefore, represents a hybrid of deep technical
acumen and broad strategic vision. While evidence confirms that the presence of a dedicated
marketing leader correlates with firm performance, the role must now evolve to encompass
direct oversight of intelligent systems to maintain financial accountability and strategic
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relevance (Germann et al., 2015). Leaders must skillfully navigate the inherent tension between
brand authenticity and algorithmic control, continuously redefining their roles in response to
technological and global disruptions (Gregory et al., 2025). Successful integration of Al at an
organizational level depends on the executive’s ability to articulate a compelling strategic
vision for human-machine collaboration and to empower cross-functional teams, thereby
preventing disengagement and fostering a culture of co-creation (Li et al., 2025b). The specific
skill clusters constituting this executive mandate are listed in Table 5.

Table 5. The competency portfolio of the effective CAO

Competency Specific Skills Importance Rating (1-5)
Cluster

Technical Acumen  Understanding ML Limitations, A/B Testing 4.2
Design, and Probabilistic Dark Social
Attribution (Dzreke & Dzreke, 2025d)

Strategic Algorithmic Objective-Setting, Risk-Benefit 48
Governance Analysis, and Generative Capability Stack
Management (Dzreke & Dzreke, 2026e)

Ethical Leadership Bias Mitigation, Transparency Protocols, and 4.7
Computational Empathy Architecture
(Dzreke & Dzreke, 2026b)

Organizational Building Hybrid Human-AI Teams, 4.5
Design Overcoming Virtual Selling Value Erasure,

and Change Management (Dzreke et al.,

2025n)

RQ3: The New Organizational Blueprint

The findings suggest that organizations successfully led by a CAO typically institutionalize a
centralized Al Marketing Lab. This dedicated unit is responsible for building, testing, and
deploying proprietary algorithms, while embedded Al Strategists within individual
campaign teams ensure tactical execution remains dynamically aligned with overarching
brand and business objectives. This structural blueprint is critical for mitigating algorithm
aversion at the organizational frontline, where the friction of human-Al collaboration is most
acute and requires deliberate design to foster trust and efficacy (Haupt et al., 2024). The
implementation of such a structure relies on specific digital transformation capabilities that
act as organizational microfoundations, enabling the enterprise to absorb and effectively
leverage complex technological systems (Zomer et al., 2020). The practical implication of this
setup is the ability to proactively recover the service. By leveraging real-time sentiment
analysis across channels, the system can flag potential consumer dissatisfaction before it
escalates, enabling a preemptive intervention (Dzreke & Dzreke, 2025f).

Integral to this blueprint is embedding causal-predictive analysis within marketing
operations, thereby facilitating continuous optimization of ROI through dynamic, closed-loop
feedback systems (Kumar, 2025). Research on collaborative decision-making substantiates that
the interaction between human strategic intuition and generative Al outputs yields superior
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outcomes compared to siloed human or machine efforts, thus validating the hybrid team
model (Hao et al.,, 2024). To anchor these efforts, organizations require a unified theory of
brand equity to credibly translate qualitative brand perceptions into the quantitative financial
metrics demanded by the C-suite and investors (Davcik et al., 2015). This approach guards
against digital marketing analytics myopia, ensuring that a journey-centric framework
prevents an overemphasis on short-term tactical metrics at the expense of long-term brand
health (Vollrath & Villegas, 2021). Finally, the adoption of a rigorous suite of customer
investment metrics provides the scientific foundation necessary to justify the significant data
intensity and computational resources required for this new organizational model (Bendle et
al., 2024).

ORGANOGRAM: THE CENTRAL CAO ROLE

The CAO at the Nexus of Strategy, Technology, Data, and Creative Leadership
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(Dzreke & Dzreke, 2026c)

Figure 3. Proposed marketing organization chart with CAO

The organogram depicts the CAO role occupying a central node, with direct oversight of three
core units: the AI Marketing Lab, Data Governance, and Marketing Technology networks. This
structure is designed to ensure that the CAO acts as a strategic partner to traditional Brand
and Creative leadership, thereby institutionalizing seamless human-machine co-creation
cycles across the marketing function (Dzreke & Dzreke, 2026c).

Discussion: Implementing the Algorithmic Mandate

Theoretical Implications

The conceptualization of algorithmic stewardship advances marketing strategy theory by
introducing a novel construct that accounts for the autonomous and generative power of
intelligent systems within the executive function. This framework synthesizes insights from
marketing and information systems, positing that the ultimate source of competitive
advantage in the digital era is not artificial intelligence itself, but the human-led stewardship
of Al as a self-optimizing engine for sustained enterprise growth (Dzreke & Dzreke, 2026d).
This reflects the core tenet of algorithmic marketing, wherein systems are designed to define
and refine their own operational rules through iterative machine learning, moving beyond
deterministic automation (Dilaver & Dilaver, 2024). Consequently, traditional models of
marketing attribution require re-articulation through a comprehensive taxonomy that bridges
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established theoretical foundations with the computational logic of big data analytics (Buhalis
& Volchek, 2020). The stewardship model thus provides a theoretical lens for integrating the
high-dimensional, nonlinear data flows of omnichannel environments with coherent strategic
intent, addressing a critical gap in contemporary literature.

This theoretical shift also engages with broader interdisciplinary challenges concerning
accountability, ethics, and organizational adaptation in the age of autonomous systems. The
evolution of Al for strategic decision-making is fraught with persistent issues of transparency,
accountability, and organizational readiness that warrant scholarly attention (Duan et al,,
2019). A multidisciplinary perspective integrating law, ethics, and social science is essential
for navigating the resulting policy and governance gaps (Dwivedi et al., 2019). Within this
context, the research affirms that while the presence of a dedicated marketing executive
remains a significant correlate of firm performance (Germann et al., 2015), the substance of
that role must be transformed. The theoretical contribution lies in defining the Chief
Algorithmic Officer as the steward responsible for governing the probabilistic outcomes of
machine-led strategy. This redefines the locus of competitive advantage: it no longer resides
purely in human creativity or data access, but in the human capacity to architect and ethically
oversee the algorithms that scale creativity and insight. This establishes a foundational theory
for leadership in hybrid environments characterized by the mutual optimization of human
intuition and machine intelligence.

Managerial Roadmap

Translating the algorithmic stewardship framework into practice necessitates a deliberate,
phased managerial approach, beginning with a systematic audit of existing marketing Al
capabilities and decision-making protocols. The foundational step involves cultivating specific
digital transformation capabilities, which serve as critical microfoundations for the effective
implementation of complex technologies (Zomer et al.,, 2020). Defining the CAO mandate
requires a precise calibration of authority, balancing executive strategic intuition with the hard
automation of system operations to resolve inherent tensions (Dzreke & Dzreke, 2025i).
Empirical evidence supports designing collaborative workflows where human judgment
interacts with generative system outputs, a synergy proven to enhance strategic outcomes
beyond the capacity of either acting alone (Hao et al., 2024). Operationally, this collaboration
must be supported by integrated frameworks for causal-predictive analysis, which are
indispensable for real-time return-on-investment optimization and credible performance
reporting (Kumar, 2025).

Execution must be guided by a holistic view of the customer experience journey, which is
essential for capturing true impact in a fragmented omnichannel landscape (Lemon & Verhoef,
2016). In the evolving privacy-first digital economy, organizations are compelled to adopt
hybrid measurement frameworks that maintain analytical rigor despite the erosion of
traditional third-party tracking data (Akram et al., 2025). A long-term orientation is
paramount: by prioritizing customer equity, marketing activities are treated as long-term
financial assets rather than mere periodic expenses, thereby aligning marketing investment
with shareholder value creation (Rust et al., 2003). This perspective underpins a synergistic
approach that balances short-term performance marketing goals with long-term brand
building, a duality critical to sustainable growth in dynamic markets (Jha, 2024). To monitor
this balance, new key performance indicators must be instituted. Metrics such as the Velocity
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Quotient (measuring system response latency) and Algorithmic Lift (gauging the incremental
value added by Al over baseline performance) allow organizations to evaluate the efficiency
and strategic contribution of intelligent systems without sacrificing long-term brand health for
short-term tactical gains (Dzreke et al., 20250).

Table 6. Critical implementation challenges and mitigations

Challenge  Potential Risk Mitigation Strategy
Power Conflict with CTO/CDO over data  Secure a clear executive charter from the
Struggles  assets and machine learning CEO; implement unified governance

model control. frameworks across the generative capability

stack (Dzreke & Dzreke, 2026e).

Talent Inability to source true hybrid Grow talent internally: pair an experienced

Shortage CAO talent possessing both strategic marketer with an advanced data
market feel and technical data science mentor to bridge the intuitive—
acumen. tactical divide (Dzreke & Dzreke, 2025k).

Brand Al-generated content lacks Deploy computational empathy

Dilution emotional resonance, resulting in frameworks; ensure Al systems generate
clinical, disconnected customer variant configurations while humans imbue
interactions. outputs with authentic brand soul (Dzreke

& Dzreke, 2026D).

Future Research

The proposed framework unveils several critical avenues for future scholarly inquiry.
Longitudinal, quasi-experimental studies are urgently needed to empirically validate the
performance impact of the Chief Algorithmic Officer role and to delineate the conditions
under which it thrives or falters. The development of such research would be bolstered by
standardized metrics for customer investment, which provide a scientific foundation for cross-
firm comparison and robust hypothesis testing (Bendle et al., 2024). Simultaneously, a unified
theory of brand equity must be advanced to better translate qualitative consumer perceptions
into the quantifiable financial metrics required to justify algorithmic stewardship at the board
level (Davcik et al., 2015). Research must also explore how advanced intelligence systems can
be leveraged to assess macroeconomic impacts and foster broader economic resilience through
technological integration (Nguyen, 2026). In parallel, the refinement of multi-touch attribution
and media mix modeling remains a pressing need, providing a robust taxonomic foundation
for optimizing marketing ROl in increasingly fragmented digital landscapes (Liu et al., 2025b).

The second research frontier concerns the neuro-organizational and behavioral dynamics that
govern trust in Al-led strategies. Investigating the psychological and structural antecedents
that overcome algorithm aversion at organizational frontlines is crucial for successful human-
Al collaboration (Haupt et al., 2024). This work should be coupled with research into strategic
frameworks designed to avert digital analytics myopia, ensuring that long-term brand health
is not systematically eroded by short-term algorithmic optimization (Vollrath & Villegas,
2021). A specific practical problem requiring attention is the trust deficit engendered by
friction in virtual interaction (“Zoomification”) and skepticism toward automated reporting;
addressing this is critical for the widespread organizational adoption of algorithmic leadership
(Dzreke et al., 2025n; Dzreke & Dzreke, 2025h). Future studies should also examine the
longitudinal effects of delegating creative authority to Al on consumer perceptions of brand



302 @ s.S. DZREKE & S. E. DZREKE

authenticity. Finally, as strategic decision-making becomes more embedded in systems,
research must explore the potential for skill degradation in traditional marketing
competencies and propose mechanisms to ensure organizational resilience and human capital
development in the algorithmic age.

Conclusion

The trajectory of the marketing function is irrevocably shifting from a paradigm of human-led
execution to one of symbiotic human-machine integration. This transition necessitates a
fundamental reimagining of executive leadership, moving beyond traditional decision-
making models to unify intuitive market insight with the precision of real-time algorithmic
execution (Dzreke & Dzreke, 2025i). As marketing systems evolve to autonomously define
their operational rules through iterative, data-driven learning, the strategic mandate of
leadership correspondingly shifts from managing tactical outputs to architecting the
governing constraints, objectives, and ethical parameters within which these systems operate
(Dilaver & Dilaver, 2024). Empirical research on collaborative decision-making substantiates
that optimal strategic outcomes are achieved not through full automation but through
architectures that deliberately pair the processing speed of generative systems with the
contextual depth and ethical calibration of human judgment (Hao et al., 2024).

Consequently, while the organizational title of Chief Marketing Officer may endure, its
substantive core must evolve into that of Chief Algorithmic Officer. This executive serves as
the essential steward of intelligent marketing systems, ensuring their operational
effectiveness, ethical soundness, and strategic alignment with long-term brand equity and
customer relationship goals. The continued necessity for a dedicated marketing leader at the
executive level, linked to firm performance and financial accountability, is contingent on
adapting to the complexities of high-dimensional omnichannel data flows (Germann et al.,
2015). In practice, the CAO leverages advanced capabilities such as predictive sentiment
analysis and churn modeling not merely in response, but for preemptive brand protection,
neutralizing potential reputational risks before they escalate into public complaints (Dzreke &
Dzreke, 2025f). This operational reality demands a robust, evolving taxonomy of marketing
attribution to successfully bridge established marketing theory with the computational logic
of contemporary big data analytics (Buhalis & Volchek, 2020).

The defining competitive differentiator for the enterprise of 2030 will therefore reside not in
the quality of its marketing ideas alone, but in the sophistication of its marketing algorithms
and, critically, in the strategic acumen of the algorithmic strategist who guides them. This
leadership requires deploying integrated frameworks for causal predictive analysis to convert
data velocity into a sustainable market advantage (Kumar, 2025). A primary practical obstacle
is organizational culture; success is contingent on proactively managing the organizational
frontline to overcome inherent algorithmic aversion and foster a culture of trust and
collaborative synergy between human teams and Al agents (Haupt et al., 2024). The outcome
of this transition is cognitive orchestration —the seamless integration of artificial intelligence,
human creativity, and strategic foresight. This orchestration constitutes the definitive
evolutionary advantage for the post-strategic enterprise, enabling adaptive intelligence at a
scale and speed that redefines market engagement and customer value creation (Dzreke,
2026a).
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